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Abstract

Weblogs, or blogs are radically changing the face of comgasni
tion within enterprises. While at the minimum blogs empowsr-
ployees to publicly voice opinion and share expertise,ectilely
they improve collaboration and enable internal businesdligence.
Though the power of blogs within organizations is well atedp
their properties, structure and utility has not yet beemfaly an-
alyzed. In this paper, we study the use of blogs within a lage
poration to reveal some of the interesting characteristitle pro-
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facing blogs or other communication channels.

Consequently, the market for internal blogging tools iswgng
[4]. Blog publishing vendors who until now catered to a gahau-
dience are now positioning packaged products that addnemsal
enterprise needs. Improving the utility of such packageslues
understanding how existing tools are used within orgaitnatand
how they can be (and are) used for internal business inteltig.
Though it is widely accepted that blogs enable the emergehce
thought leaders and experts, and the identification of poghemes

pose new techniques to model the reach and impact of posts usig]' it is still not clear as to what is the best away to achidvis.

the corporate hierarchy. We discuss how such a techniquésean
into tools that identify the reach of blog posts, and the gmece of
trends and experts within an organization.

1. Introduction

The growth of blogs has been phenomenal over the last fevsyear

Unlike e-mail and messaging, it offers a more open mediunoof-c
munication, enabling authors (bloggers) to reach out béyiogir so-
cial networks, make new connections, and form communitizs-
lectively, this makes the community of bloggers highly iefitial.
Tapping into this new channel to listen to and interact withirt
customers requires new initiatives from corporations. iBesses,
both large and small, now recognize the power of blogs foagimy
with customers, developing trust around their productssamdices,
and improving media visibility. Most corporations are noled:
ging publicly, either through product bloggers, evanggl®s CEOs.
However, this covers only one side of the story.

A second key aspect of blogs for business is their use witien
organization. Internal corporate (enterprise or businbksys en-
compass all non-public blogs hosted within the organizatio their
intranets. Employees use such blogs during the course iofthiéy

t

opinions, and to initiate discussions on issues of intei@sither
employees. Blogs protect the ownership of employee ideastaD,
blogs are viewed as a collaboration tool enhancing prodtgtand
as an enabler for business and competitive intelligencesy Hre
also considered as a tool farorkforce journalisman activity that
can influence an organization’s external presentatiorutiirgoublic

*Partial support was provided by an IBM CAS Fellowship and b
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These questions form the primary motivation for work repdrin
this paper.

Our key contributions are:

e Our study is the first to comprehensively characterize a com-
munity of blogs and the social network it materializes withi
an enterprise.

e We propose new techniques to model the impact of a blog post
based on its reach in an organizational hierarchy.

e Our findings enable development of new tools and techniques
that facilitate improved utilization of blogs within orgaa-
tions.

The rest of the paper is organized as follows. Section 2 riefl
describes the dataset used in this work. In section 3 we shisttie
growth of internal blogs and the use of tags. We detail thectiral
properties of the network in section 4. Motivated by the ebar
teristics of internal blogs and the context of its use, weppse a
model for evaluating reach in section 5, and discuss it&yufibr
internal business intelligence. Finally, before conahgdihe paper,
we discuss the implications of our work to internal corperalogs
in general.

2. Analyzed Collection

This work is based on internal blogs within IBM between Novem
ber 2003 and August 2006. IBM is a global technology corpomnat
with over 300000 employees, and 23000 registered blog .uBkrgs
are published using an extended version of the Rofiatform, an
¥Apache powered open source Java implementation also inyse b
Sun, and other corporations.

Each blog is owned by an employee, or a group of employees, and
there are a total of around 23500 blogs. These blogs host4&5s

! http://rollerweblogger.org




ca (6.2%) in (5.8%)
uk (6.5%) de (5.3%)
cn (3.5%)
ip (6.7%) aul (2.5%)
br (2.1%)
rest (19.6%)
us (41.7%)
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Fig. 1: Geographical Distribution of bloggers in the collection as Fig. 2: Growth of blogs and hosted posts has been phenomenal, with

denoted by country tags.

with a similar number of comments including trackbacks. t®os
carry with them a timestamp, author and tags. Tags assa@ciatent
to a folksonomy of topics as perceived by the author. Theectibn

of tags consists of around 7200 distinct tags. For every eyegl
owning a blog, information on their geographical locatiand to
the position and chain in the corporate hierarchy is avilafhe
location-specific distribution of posts in this collectienshown in
figure 1. The distribution closely mirrors the use of bloggtean\Web
[29] i.e. led by English speaking areas, but followed clpssi Asia
and Europe.

3. Nature of the Internal Blogosphere

We first discuss some of the basic characteristics of blagshey
relate to growth and their use within the enterprise.

3.1 Growth and Attrition of Users

The external blogosphere has been doubling every six mdaths
the past two years [29]. Their growth internally is not ashhigut
healthy nonetheless, doubling at a little less than a yemuré& 2

the number of hosted blogs doubling every 10 months.
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Fig. 3: The creation of new blogs and posts are also tied to organi-
zations publishing formal policies, which explains thecsetspike.

shows the number of blogs and posts on a cumulative scale. Tresained if he or she reposts at least once in the followingoxitins.

divergence between blogs and posts shows an interesting tre
how the blogging community is better engaging new adoptard,
encouraging them to post frequently, therefore retairfiregr.

To find exactly how the creation of new blogs and posts tremd ov

time we plotted the number of new blogs and posts per month,
shown in figure 3. Two distinct spikes characterize this ghowhe
first, early in January 2004 was around the time when intésiogls
were initiated within the organization. However, the setsharp
rise around April or May 2005 was critical to the growth of ¢gpscfor
two significant reasons, (i) the period following this is cdeterized
by a dramatic increase in blog posts, and (ii) number of nevgdl
created every month has doubled from 500 to 1000 from betore
after, suggesting that adoption was catalyzed. It turnstmitat this
time the organization officially embraced blogging as a camim
cation medium, and formally specified its policy and guides for
both internal and external blogs. Evidently, having formalicies
and a top-down guidance embracing blogs is key to the adopfio
blogs by employees.

To better understand blogger adoption and attrition we adeth
the retention of users at monthly intervals using the follmndefi-
nition:

We set the value of to 6 months. All users not retained are consid-
ered lost by attrition. Figure 4 depicts the rates of attnitand re-
tention of users. In line with the previous trends, two distispikes
ggaracterize this chart, one at the initiation of interrdagb, and the
other when blogging policies were formally released. THoogt

all adopters at these spikes were retained, it did enableotinewhat
reluctant bloggers to post more frequently. Overall, tregal rise
of the retention curve over attrition underscores imprg\ability of
the community to retain new adopters.

t3.2 Use of Tags

Tagging is fast becoming a common way of associating keysvord
(tags) to organize content. The collection of tags withimpacsfic
system or application defines a folksonomy. If tagging isrtteans,
folksonomy is the result. What drives their popularity isplicity.
Tags on blogs are no different, and their use has been ri¥ifg.
analyzed to see how tags, and the concept of folksonomy igbei
adopted by internal blog authors. As shown in figure 5, clase t
80% of all posts are tagged. The chart suggests that tag wssge
higher during the early phase of internal blogs. We beliéig is
because the earliest of adopters were quite adept to thefdsing

Definition A user who posted on a specific month, is considerethgs. The addition of new bloggers, and dilution of the dbation



Retention and Attrition in Internal Blogs The Number of Tags Per Blog Post
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Fig.4: The retention of users has gradually taken over attritionFig. 6: The number of tags used per post is increasing. The sharp

showing how the community is reaching critical mass. rise is attributed to an upgrade in the internal blogging then-
couraged tagging, and to the addition of “bookmark-it” feet that

showed its value across folksonomies.

The Use of Tags in Blog Posts
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Fig.5: Use of Tags in Blog Posts has seen a gradual rise, with the

creation of new tools that show their value, and the genetpbsure . o )

of users to folksonomies. Fig. 7: The distribution of tags based on their occurrence acroés al
posts, and by the number of authors using them.

of early adopters to newly made posts explains an early LD ofjact well on overall quality, though it could be usefultdividual

tag usage. However, as shown in the figure, the use of tagsihas oysers. Figure 7 shows the distribution of tags based on theven

grown over_the last two years. . of occurrences in the folksonomy. The x-axis representsitineber
The quality of a folksonomy is directly related to propest®# tags ot times a specific tag is used, and the y-axis gives the numiber

it hosts. Only now is the concept éblksonomy qualityeceiving ¢ ,ch tags, on logarithmic scales. The usage follows a ptawer-

required attention [15, 22], and forms key to understanthiegitility gisgribution indicating that a small number of tags are usét a

of tagging within an application. Specifically, when is akkxnomy high frequency, and a large number of them are rarely usech Su

considered to bgood or bad is still unanswered. We study three property of tags renders them useful for trend analysis.

attributes that have a potential bearing on quality, (i)ribenber of A specific tag provides better value to a folksonomy when used

tags per post, (i) the distribution of usage of a specificaagss all by multiple users. A tag being used by only one user reflecta on

post_s, and (iii) the distribution of usage of a specific tagss users very narrow scope, with utility only to the blog author. Treeend

malgng these posts. L N lot in figure 7 represents on the x-axis the number of uséng) s
Figure 6 shows a rise in number of tags per post. This indicatepecific tag. More authors using the same tags reflects wejliah

that the descriptive value of tags is improving. The shagpease ity2. Clearly, a subset of popular tags is used by a large number of

in the number of tags per post around January 2006 is atdot ,ser5 \We believe the relationship between the slopes 4set of

upgrade in the blogging platform, that made adding tagegasid  |ihes that fit these plots could have useful implications olikgon-

to the integration of d@ookmark itfeature to blog posts that auto- omy quality. A more accurate estimation of quality of a fakemy

matically exported tags to an internal bookmarking tooll[Z&rom requires further analysis.

an enterprise standpoint, the interoperability of tagesEmultiple Since tags are less susceptible to spam in a controlledpeister

folksonomies encourages the use of more descriptive tags. environment, the high use of tags presents new opportanitie

A specific tag provides better value to a folksonomy when used
many times. The use of a tag within a folksonomy only once doés ? Semantic disambiguation has to be appropriately incotpdra




trend analysis, and towards organizing and navigating Iplosfs Poues Law Distribution on the Graph
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3.3 Links from posts
Using posts from 2 months, we analyzed how many posts feature ! *

out-links (hyperlinks), and if they do, where do they poimt 60% v "y

of all posts featured out-links of one form or the other. Cuhese f Pt

posts, close to 70% had links to the domain of the enter 3%, to H tfm

other domains and 22% to other internal blogs. This leads tsd z Ll i+ ]
observations, (i) employees typically blog about thememiafrest Tt

to the organization they work for, and (ii) since the overabt to I

comments (including trackbacks) ratio is close to one,ktvacks m+i .

are a less favored form of conversation threading.

1000
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4. Network Characteristics

To study the structural properties of internal blogs, weegate a Fig. 8: The in-degree of the network follows a pov_ver-law with slope

directed grapl@(V;, E), whereV is a non-empty finite set of vertices -1-6- A few users generate most of the conversation.

or nodes, andv is a finite set of edges between them. Every unique

useru, independent of whether they own a single blog or multiple

blogs, represents a vertex @. A directed edge: from nodeu to Power Law Distribution on the Graph

nodew exists inG, if useru has commented or trackbacked a blog oo ‘

post made by uses. Each such edge representg@versation ‘"

We call such a graph, lalog conversation graphsince it reflects on

conversations across users through bl@gslso represents a social "

network across all users. ‘
Further processing was made @rto eliminate self-loops, to col-

Number of Users
1

lapse multiple edges between nodes into a single edge, grdrie +

disconnected nodes. Almost 75% of the nodes in the graph were iy

completely disconnected. Each such user, on an averagdthad e oy T+ ]
one post or had just created a blog template without crediiog fm b

posts, or making comments on other posts. After processimg,
complete graph consisted of 4500 nodes with 17500 edges.

In the rest of this section we discuss some of the structuicgd-p T 10
erties of this network, and its implications to internaldso All our e of Crested Goments
experiments make use of the JURIBolkit.

1000

Fig. 9: The out-degree of the network follows a power-law with slope
4.1 Degree Distribution -1.9. A few users are part of many conversations.

The degree distribution of a network is significant in untkerd-
ing the dynamics of a network and its resilience to the dafetf
nodes [5, 6]. For every nodein G, the in-degreel;,, and the out-
degreed,.: is computed as the number of incoming and outgoin%
edges respectively. The in-degr&éd;, ), and out-degree distribu-
tions P(do.wt) is then plotted on a log-log scale, and the power-law, . .
expone(ntsnz and-~y,.: computed using a line fit. 4.3 Graph Ranking Correlation

The in-degree and out-degree distributiontdfollows a power- The growth of the Web has popularized multiple node ranking a

eneral, active users in the community host conversationgheir
wn blog, and contribute to conversations on other blogs.

law as shown in figure 8 and figure 9, with,, = —1.6 andv,.: = Proaches that work on a graph. On the Web, these techniqaes pr
—1.9. This is slightly lesser than their values found on the Wetyide the importance of a Web-page. In social networks theg gi
(Vour = —2.67,7vin = —2.1) [7], but comparable to e-mail net- measure of the popularity or social importance of a nodeed lap-
Works (our = —2.03, vin = —1.49) [11]. In the context of blogs, proaches are commonly used to rank nodes in a graph, inelegre
this scale-free property of the network shows thsilience of the HITS [19] and PageRank [28]. Unlike PageRank and HITS, in-
community to user attritian degree is easily computed as the number of incoming edges.

] The PageRank of a nodeon a graph is computed as:
4.2 Degree Correlation

Another interesting property of communication media isrdegor- p(u) = % +(1—-9q) Z p(v) /dout(v)

relation. In blogs, it measures the reciprocal nature ofroemts i.e. viv—u

Do users who receive a number of comments, make a similar num- . . .

ber of commentsWe adopt the approach used previously in calf"’hereN IS @hetotal ”“mb?f of nodg@;sgco_nstant with <4< 1
graph networks [25], and plot the average out-degree ofcales and(1 — q) is the dampening factoj, — 4 |nQ|cates the existence of
with the same in-degree. Results are shown in figure 10. The c n edge from node to nodeu, anddou:(v) is the out-degree of.

relation holds for smaller degrees, but diverges randorhjigher Ahe H(;TE [Danking t?ﬁhtniqget C(t)mputes tt)he h]tjb iﬂd iut.horﬁ;esc
values, possibly because of insufficient data points at galtles. In good hub IS one that points to a number of quthoritative GEsir
while a good authority is one that is pointed to by many huldse T

3 http://jung.sourceforge.net/ Hub and Authority scores for a node represented a# (u) and
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Fig. 10: A high correlation between in-degree and out-degree showsig. 12: The correlation between HITS hub score and out-degree

the highly reciprocal nature of blog comments.
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suggests that connectors in the community can be easilyifiéen
using their out-degree.

C-P | us jp |uk |ca |in |de |cn |aul] br
us [414{03(89[44|06|14]/02|12]04
ip 21 [43(05|102|00]01{00|0.12 /0.0
uk 74 (01(80|10|02]06]00|03 |01
ca {43 |01]{12]|26(01]{02|00]02]0.0
in 08 |00[{03[01({06[{01|00]01]0.0
de 1.1 |00|05{02]01{03|00|01]0.0
cn 0.1 {00(00|00|00]00]0.2|0.0]0.0
aul { 1.0 |00[{05]/01(00]{01|00]03]0.0
br 02 |00[{01]/01({00]{00|00]00]O02

Table 1: The table represents a conversation matrix across geogra-
phies with columns representing posts and rows repreSgim-
ments on them. Though conversations are biased locallydbeut

Fig. 11: The correlation of in-degree with both PageRank and HITSCross English speaking areas. Language barriers appeairtder

suggests that in-degree can indicate a good approximatfoaue
thority.

A(u) is defined as:

A(w)= > H(v)

viv—u

And
H(u)= Y A(v)

The correlation between these ranking techniques is el sy
the cardinality of the set intersection of nodes ranked &éoshme
threshold. Figure 11 plots two independent correlationmane-
ments of ten, upto a rank of one thousand. HITS Authority ramé
PageRank is compared against the in-degree metric. Thelation
between these rankings indicates that in-degree can bedampo
proximation of authority in a closed, controlled and gefigrspam
free environmentAuthoritative, or socially important users are typ-
ically considered as thought leaders within the blogginghawunity

A powerful hub is one that points to many powerful authositie
In the context of internal blogs, this could have importamplica-
tions. A user who is a powerful hub, is also a geadial connectar
one who has followed and engaged in conversations and igafar
authoritative sources and hosted content. This motivatgientifi-
cation of such connectors. Using the same approach we useorfo

interaction across certain areas.

relating authority scores, we plot HITS Hub score againstegree
in figure 12. Not surprisingly, the correlation seen in autiygagank-
ings extend to hub rankings as well.

4.4 Crossing Geographical Boundaries

Since blog adoption is global, the question®@6 blogs work as
bridges across geographiés of significance. To analyze this prop-
erty, we augmented each node in the graph with the geogephic
location, and extracted edges where both the source anéstieat
tion are among the top nine contributing countries to the hase.
Results are depicted in table 1. The row represents thendésti
node and the column represents the source, in other wordgethe
ographies of the post author, and comment author in a catiens
Each entry encodes the contribution, in percent, to theativeon-
versation graph. Though blogs have bridged geographi¢spleak
a common language, conversations connecting Asia to thefréw
world remains limited, possibly hindered by language leasti

4.5 Edge Betweenness Centrality

Betweenness centrality [13] measures the significance @ésiand
edges as it relates to their centrality in information flowotigh the
network. It hence forms an important measure for identgyai-
fective word of mouth channels within a community. To id&ntf

edges that reflect conversations across geographies dral ¢certhe



The Role of Global Conversation Content dissemination Reachability on the Conversation Graph
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Fig. 13: A high number of cross geography conversations amongig. 14: Reachability of the graph shows a highly connected com-

high ranked central edges shows the value of cross-geogriagpér-  ponent covering almost the entire graph. The disconneabetpo-

actions. nents are constituted by certain team blogs that were adtva
short time-frame.

network, we rank edges based on their centrality, compuged a
spread of ideas. We hence model an employee hierarchy aseal roo
named unordered tree, from here on referred td.a8he root of the
uts#EVEV,utt#£vEV st tree is the head of the organization. Each employee-manelgéion
) . is represented using a parent-child relation making masagernal
whereo.(u — v) is the number of shortest geodesic paths from,,qeq in the tree, and all non-managerial employees leaves.
s to ¢ that pass through the edge— v, ando.. is the number of - \ye priefly introduce the readers to some basic tree progertie
shortest geodesic paths fromo ¢. . node is an ancestor of another nadsf it exists in a path fromu to
Using a ranked list of central edges, we plotted the distiobu e ;o6t node. The height of a nodén 7', denoted a& (u, T) is the
of edges that cross geographical boundaries. As seen iRflQr istance between the nodeto the root of the tree, with the height
the high ratio of such cross geography edges among the @8 rar,¢ 1ot node being zero. The Lowest Common Ancestor (LCA) of
show the value of global conversations. Such edges fornifisignt 5 1o nodes: andw in a tree is the lowest node ffi that has both
bridges to information dissemination across a global dmgeion. u andv as descendents. We define a sub-F&g ,, as a tree rooted
i at the LCA ofu andv and featuring only nodes and edges that are in
4.6 Re'?Chab”ItY ) the path fromu andv to the LCA.E(T') is the set of all edges in the
Reachability analysis is used to understand the structutteeanet-  tge7.
work as it relates to its connected components. A strongiyieoted The reach of a conversation between two users (employe@s)

component on a directed graghis a set of all nodes such that for ,, is determined by the properties @f',Y,. We define one such
any pair of nodes, v there exists a path from to v. The same ap- property the reach. (u, v), as:

plies to an undirected connected component on an undirectgxh .
GY. A well known implication of an analysis of connected com- Re(u,v) = [E(Tpc4)]
ponents has been the identification of a bow-tie model on thb Wp (u, v)

Cplu—v) = 70‘%@ —v)

has a value of zero in a self-conversation, value one in a

Graphl [71. . . conversation between an employee and manager, and valui@ two
We identify connected components in the network through & BF, .onversation between employees working for the same reanag

(Breadth First Search) traversal using as?ped setof raydsamipled |y jitively, reach is captured by the distance between teersiin
nodes. BFSis run on the graphas is, o obtained by reversing  yhe corporate hierarchy, measured by the number of edgesin.
all edges, and of™ obtained by making the graph undirected. AS " jging (4, v) as an atomic computation the normalized reach of

shown in figure 14, the graph consists of a strongly connem«imlk a blog postR, made by a uset, and hosting comments from a set
ponent of 2500 nodes that covers half of the graph, and anected ¢ usersV/, can be computed as:

connected component that covers almost the entire grapldesNo
which were not part of this giant undirected connected comept > vey Be(u,v)
featured users who had posted a few times, and were lostritioatt V|
without bellng sufficiently involved in the community. The)pert!es While reach captures the distance between two employedegit
of these disconnected components, offers both an opptytand a . g .
not incorporate the aspect of spread when combining meltiph-
versations on a blog posts. To model this, we sjgead defined as

challenge i.e. how can newly appearing disconnected coemnsn
be encouraged to connect with the giant core componentoiriig the number of edges in the union of all conversations arouvidg
post. Spread is defined as:

Rp(u,V) =

blogger retention.

5. Modeling Enterprise Reach 5, (u,v) = Moev BT
We would like to capture the intuition that in a conversatitime Vi
relative position of employees part of the exchange, evatliasing The distribution of normalized reach and spread acrosslaedj b

a corporate hierarchy, can be significant to understandethehrand posts is shown in figure 15. The reach of posts peaks around the



Distribution of Posts by Reach and Spread 6_ Related Work
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1 is receiving widespread attention. Nardi et al [26] havelist the

motivations for blogging in general and Wagner [30] and @r{iti4]

have clarified the role of wikis and blogs within organizascand

the usefulness of one over the other. Though we have showmahow

organization’s policy is critical to high adoption intetiyaMcArthur

1 et al [23] have explored how verifying for policy compliancan be

automated. This could be important for public facing blogs.

1 Tagging and the concept of folksonomy is widely studied.lddil

: et al have discussed this in the context of an enterpriserbadéng
\ service [24]. The use of tags in blogs has been studied bykBreb

‘ ‘ al [8]. Farrell et al [12] have proposed tagging people andodkers

Meach and Spread of posts ‘ within an organization. Tags as a way to identify expertdimiin
organization has been explored by John et al [17]. Howevist-ex
Fig. 15: A balanced distribution of conversations based on theifng work has not incorporated relationships between taggities
reach, show that conversations are not just limited locaigween (Users) as proposed by us.

employees and their peers, but more spread out across tha@iaay Complex networks have been analyzed in various contexis [27
tion. The social aspect of blogs has motivated recent researchadyza

ing networks materialized through blogs. Herring et al [h&je
studied network characteristics of the general blogogph&dar et
al [3] have explored information epidemics and ranking amlito-
gosphere, and Kumar et al [20] have looked at community dyceam
and growth. Marlow [21] has studied the role of links betwblgs
using blog-rolls and permalinks as a metric to popularitgiaic et
al [2] have identified communities within the political blzgphere
and analyzed conversations across these communities. &aar
[10] have explored how conversations in blogs are diffefemin
those in other forms of communication. The role of matezédi
social networks as compared to employee hierarchy andithpli-
cations to thesmall worldhas been previously explored [1].
In our work we have focused on a broader study, to quantify mul
5.1 Ranking Posts tiple attributes of internal blogs that include structurel ats use.
We have also attempted to address questions on how chastcser
of internal blogs and that of their hosted conversationsheanseful
for tools that extract business intelligence within an argation.

Number of Posts

value of four, and the spread peaks at around six. Both thisse d
tributions suggest that conversations are high across ugmking

in close hierarchical proximity, and less exclusive amoegrp, and
between employees and their managers. The persistent thiso
chart shows how blogs have enabled conversations acrossghe
nization.

These properties of conversations can be used to complexrent
isting techniques, or to develop new techniques for idgimiif pop-
ular posts and tags, or to identify experts. In what follows briefly
discuss a few such possibilities.

The overall rank of a blog pogtcan now be computed as a weighted
sum of the number of comments (in-degree), its normalizedire
and spread across the organization.

Rank(p) = we * [V] + wr * Ry(u, V) + ws * Sp(u, V) 7. Conclusion and Future Work
wherew., w, andw, are the weights attributed to the total com-Many corporations have internal blogs in use. As of this wink
ments, reach and spread respectively. structure and properties of these blogs were not empiyisalidied.

While traditional approach of ranking entities (post, authag) still
5.2 Popular Themes applies, our approach of utilizing the employee hierarchyuantify
The value of tags is as good as the posts they are associatédrto reach is novel in the context of corporate internal blogs stmalild
a tagt, we compute their aggregate value as a weighted sum of tkemplement existing approaches well.
occurrences and rank of posts they are attached to: Research around social networks in general offers manyestte
] ) ing challenges [18], and our continuing research aims toessd
Popularity(t) = wo * n(t) + wrs * Z Rank(i) some of them. We are now focusing our study on the network char
itEtags(i) acteristics of internal blogs, specifically on how the moxglieit
wheren(t) is the number of times a tag is used in the applicatiof$ocial models of employee hierarchy interplays with thostemal-
andw, is the attributed weight. The second term is summation of¥€d through blogs and how blogs are enabling a flatter ozgéion.
the rank of all posts that are associated wjthnd is weighted using
wTS
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5.3 Finding Experts

The expertise of specific users on a topican be computed using
aggregate rank of posts made by the user on topic

i:t€tags(i),author(i)=u
We are developing prototypes to evaluate the utility of ¢hiesh- 9. Trademarks

niques for internal business intelligence. We will repegults from IBM is a trademark or registered trademark of InternatidBasi-
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marks of others.
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